QueBIT Podcast Episode 1

AG Tan- Hello there, thank you for listening to our Ask QueBIT Analytics Podcast. Our goal is
to cut through the jargon and hype around analytics and data science and share practical advice
to guide you on your analytics journey. You can find us at QueBIT.com. That's QueBIT.com.
Welcome! Hello everyone, welcome to the Ask QueBIT Ask Analytics Podcast. This is AG Tan,
I'm sitting here today with my colleagues Gary Quirke who's a chartered accountant, CEO

and co-founder of QueBIT, and also Dallas Crawford who's the general manager of our advanced
analytics business unit. Welcome gentlemen, hello.

Gary Quirke- Nice to be here.
Dallas Crawford- Absolutely, happy to be here.

AG Tan- Gary just starting with you. I'd like to defer the discussion about embedding analytics
and everyday business processes for a moment and start by just talking a little bit about our
definition of analytics. So when we hear analytics being discussed in the media, it really ranges
from the cool to the scary; and sometimes when | hear these people talking about these almost
science fiction E-Type things around analytics, | sort of wonder well, what about these everyday
problems that we know companies still struggle with right? Like how do | even get a good sales
report? You know and a part of me wishes that somebody would be paying attention to that
problem rather than you know, going off and trying to figure out some creepy way to sell me
more stuff. So Gary, could you maybe give us some examples of how you see businesses
benefiting from analytics? What’s analytics in real life?

Gary Quirke- For me analytics is really about making decisions, right? Looking at information
that you have and making better decisions from it. And those decisions can be complex. They
can be simple. It's about day-to-day, you know running of a business and trying to understand
you know, what's working what isn't working, how much is selling, who's doing what you know,
what's good, what's bad, and some of that is pretty basic management stuff. So things like
budgeting and forecasting is analytics just doing basic reporting is analytics and then sort of the
more advanced and you're talking about taking data and putting algorithms on it for things like
predictive analytics, you know artificial intelligence, machine learning. That's the kind of sexy
stuff, but it's actually not a major part of the overall message of analytics. Most analytics that
organizations do tends to be quite basic it’s reporting, its planning, its forecasting, its regular
day-to-day management of the business.

AG Tan- Okay that's great. Dallas I'm going to ask you the next question which is around this
notion of embedding analytics in everyday business processes. You know, that's almost kind of a
really good catchphrase, but I'd like to dig down a little bit on what it means because you kind of
implying that not everybody's doing it and | know that you're very passionate about it and you're
kind of on a crusade about it. So please tell us a little bit more about how you look at that and
maybe give us some examples.



Dallas Crawford- Sure what we're really referring to is if you think about how predictive
analytics is especially or advanced analytics concepts in general decision optimization, you name
it. The way they're typically viewed and applied can often be in silos right?

So there's a perception that you pass information off to this team who sits in a box

or some system that sits in a box it spits out an answer and you either go with it or not.

The reality is nothing is going to be 100% correct? And if you don't know how to deploy your
suggestions or projections and have them embedded within a process where they can then be
consumed easily adjusted easily interacted with, you really are failing from the start. So when we
talk about that, it's really the notion that no model will ever be perfect. No analytical technique in
general will ever be perfect. Everything we do is about decision support and if we're going to
support decisions then we have to give people the ability to interact with them, make changes,
and easily understand the recommendations that are coming out. So that's really at the core of
what we talked about.

AG Tan- So that sounds great, but it's still a little bit abstract, right? So, can you maybe make
that little bit concrete, you know for people like who's getting what piece of information to make
what decision in a real-life example?

Dallas Crawford- Sure, so an example an easy example could be a demand forecast right

or when you're setting up a demand plan. There are what we would consider the forecast or the
project the projected demand than there are lots of things that feed that and a really good model
will have a strong accurate projection of what will happen. And there are things that you can feed
into the model like competition etc., but there are other realities like capacity constraints there
could be special events going on there could be current events like economic impacts that are
hitting in a micro area at a certain point in time. And if you can't consume those results
understand why it's making those recommendations, but also be able to adjust them on the fly
and make decisions that are going to impact your business then ultimately you lose what | would
call trust in what the model is providing. If it's static it becomes, you know, it's really not useful
right. So it has to be easy for you to do those things because it's never going to be 100% accurate
or the business won't adopt and you're going to have struggles from the start.

AG Tan- So there was this, at the risk of sounding a little bit geeky just a little bit.
Dallas Crawford- Yeah

AG Tan- You know there was this British mathematician called George Box who famously was
a statistician. He famously said all models are wrong, but some are useful right and that's
essentially what you're saying here, right?

Dallas Crawford- Exactly

AG Tan- But just to drill down so just to paraphrase | guess, you know what I think | heard you
say so for a model to be useful you have to have trust in the model you need to be able to track
how it's doing relative to reality when reality happens, right? So today is Monday and I'm
forecasting what's going to happen and you know in the next, you know, three weeks are doing
my best to forecast that I could do it from my gut or | could have a predictive model tell me how



to do it. But then three weeks from now | can look back and look at my gut forecast or look at
the predictive models forecast and see how it was and see if it was good then maybe that
increases my trust. | mean, do you do something like that as part of this?

Dallas Crawford- Absolutely and | would say there's really three core tenants to me that would
make look we'll stick with the forecast example, but really any models, there's three core tenets
that will help them be useful. One is understanding, so the business users who are going to be
leveraging the results that it produces have to understand why it's making those
recommendations and those decisions. If they don't understand that then they will never really
fully buy into it no matter what the ultimate measurement of accuracy is going to be. So that's the
first thing. The second thing is measurement, because the model is going to evolve over the time
your business conditions, your operating environments, your growth is always going to be
evolving, and so it's important for you to measure to the point that you just made; not only the
efficacy of the model, but when people make business decisions that are counter to the model
how effective are they? Are they doing things that should be considered on the front end of that
process? So that measurement is important and then finally going back to what I mentioned
before the ability to truly interact with them and make adjustments, you know to your point no
model is ever going to be perfect. There's always going to be an outlier and one of the mistakes
that a lot of organizations make is they try to model for every scenario ultimately in order to
deploy and get this value. You need to build a model that's reliable, but it needs some flexibility
and the users need to be able to interact with it. So really, you know being able to understand and
interpret the model. Being able to measure any projections over time and then being able to
interact with them easily as a business user are really three kind of core tenants.

AG Tan- Yeah, so you remind me of a CEO of one of our customers and this customer
manufacturers and | always get the word wrong car windscreens car

Dallas Crawford- Windshields

AG Tan- Windshields, thank you car windshields and he stood on stage and he said thank you
polar vortex, right? And so that's obviously weather data. The polar vortex was this weather
event where baseball-sized hail stones were falling down in the Midwest

and obviously this cracked a lot of windshields which led to a lot of business for this company.
And so would that be an example of you know the business users understanding the input?

So even if a business user doesn't understand the statistical algorithms that are going on behind
the scenes if you explain that there is a correlation between weather events and you know selling
more windshields then it is so | guess I'm asking is that an example of how you might explain
what's going on to a business user?

Dallas Crawford- Absolutely and that could also be an example of a singular event that you can
definitely understand what the driver was in weather, but it's not something that's easily
predictable. So you understand that when these weather events arrived they could create a
demand surge. Right like that customer saw, but ultimately it's like an example of both of those
you understand the impact of the weather; so if you have another event or you project another
potential large weather event, you know, how you need to operationalize. You know, how you
need staff to be flexible and have the capacity you understand all those things, but you also



understand how you need to manage outliers right? If you had a forecast going into that event
that told them that they needed a thousand people in the call center; and that weather event
happen again that business user needs to say no something is going on in our market, and we
need 3,000 people in this call center instead.

AG Tan- Okay, so that's been great content. Thank you both of you. So now for this final part,
I'd really like to hear if you've got any practical tips and tricks for you know, any executives
senior managers out there that are just starting on their analytics journey.

Gary Quirke- So if we're talking about, you know this idea of embedding something like
predictive demand forecasting into a financial business process. The first thing I think is
important to understand is that whatever you're trying to forecast whether it be revenue, whether
it be units demand. It's not just a case of forecasting that thing the input is actually forecasting
the relationship of that thing to its causal factors, like weather days like marketing spend
etcetera. So the first thing is really important that you have those drivers within your model.
Otherwise, you can't perform the mathematics. You can't be calm provide the explanation. The
second thing from a practical standpoint is that operations and finance operate naturally at
different levels of detail. Finance tends to be more summarized naturally operations at the
detailed level. Well again, you have this sort of bi-directional explanation of what's going on. So
it's really important that your model is able to accommodate both sets of detail, not just the finest
level not just operations level but both and they must you know, naturally reconcile really
clearly.

Dallas Crawford- If I could just offer a thought on that talks about where the two worlds really
need each other. If you just think about some manufacturing instances right, oftentimes those
planners are going to be the operational folks, will be planning in units really ignoring
profitability perhaps there could be ignoring cost of revenue. All they care about is attaining their
revenue target, right or their unit target and they can get themselves into trouble, you flip that to
finance who prefers to operate at a higher level. As you mentioned they only care about you
know, some aggregated level, right? Are we on target within this category the way the problem
manifest itself. For them is if you are projecting an overall number for a category and you don't
have this ability at the lower level of what the product mix is that's going to make up that
revenue attainment. So for this category, you could be performing great within the quarter. You
could be feeding the street. Let's say some expectations for revenue and profitability expecting a
certain mix, but ultimately you achieve that number by selling a lower end product within that
category; and you don't understand that because you don't have the data at that lower level until
the end of the quarter right until you reviewing these results. And so that's where if they did a
better job of coexisting and integrating those two aspects it could have really material effects on
your business. Because now you see your projections at their most granular level, you can still
view them rolled up, but you see the real impacts at that lowest level which is where you really
needed to make decisions.

Gary Quirke- Yeah, | think that's a really good point, and you mentioned before the point about
trust and | think you know one must reflect. Practically you got two groups of people here.
You've got the business folks, the finance folks, the operations folks. They're different groups of
people and you know historically they kind of run their own separate processes; and there is a



disconnect between the two and part of the disconnect is an issue of trust. So if you're going to
bring these two things together, you need to have a scenario where both sides have a good
chance of trusting the revised process and the best way in our opinion to actually achieve that is
to actually have both types of forecasting together side by side. Financial always gonna have a
sort of financial traditional way of doing things; and then the operations side may be driven from
advanced analytics. But if you have the right tool that can collect this information both of the
level of detail and in the methodology that you use to actually create the forecast you can show
them side by side. And then trust would ensue from that just by virtue of the fact that both sides
can see it they don't feel like it's being imposed upon them. And over time they actually get to
trust the fact that oh, maybe the advanced analytics way actually achieves a better outcome

for me and | wrote to explain it more clearly through relationships to the cultural factors.

So it's more of a democratic way of actually implementing this and practically | think rather than
imposing using that sort of you know democratic approach which is a way that we've achieved
success with companies quickly.

Dallas Crawford- Yeah, and that only there just to drive that point home oftentimes the
disparity or the silos that you just talked about in those approaches are very nuanced and they
aren't that different. For example, usually the operations folks can continue to plan in units right,
because that's what they care about. But if you just load in some average selling price data,
some average cost data, right just small wins at the beginning to immediately convert those unit
predictions into a dollar for revenue, right the selling price side and then into a dollar for cost.
Then you have at least a starting point for them to contribute to that plan and understand those
impacts and they never had to change the way that they do things. They're still plugging in units
financing then, you know consume that rolled up to the level that they care about which is what
my overall cost and what's my overall revenue. So there are ways to do that seamlessly to not
change their processes, but give them that ability to parallel consume it.

AG Tan- So | really like the way you guys have pitching that notion because it takes the human
aspect into account right; because a lot of the times when we're having these conversations about
analytics it's really all about the technology and the sexy technology and the cool technology.
But to make it real and impactful in businesses and people's everyday lives, you know you really
do need to take the human component into consideration as well. And that's what it sounds like
you guys are advocating.

Dallas Crawford- Absolutely!
AG Tan- Well, that's it for today. Thank you for listening. We would love to hear from you. Do

you have anything you would like to Ask QueBIT About Analytics? You can tweet us at Ask
QueBIT or email us at info@quebit.com that's info@quebit.com. Until next time.



